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Our work focuses on resource-aware and cost-effective indoor-localization at room-level using RFID (Radio-Frequency ldentification)
technology. In addition to the tracking information of users wearing active RFID tags, our method “Social Boost” also utilizes information
about their proximity contacts. We combine state-of-the-art machine learning approaches with strategies utilizing the proximity data in
order to improve a core localization technigue further. We present an evaluation using real-world data collected during a conference.

Proximity Tag RFID Reader
 is an active RFID tag * receives RFID packages from proximity tags
» detects other proximity tags within a range of and forwards them to a central server

about 1.5 m  does not depend on costly techniques like
 sends one tracking package in four different Angle of Arrival or Received Signal Strength

signal strengths every 2 sec. to RFID readers
e cannot store information
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Room-Level Localization Characteristic Vectors The Social Boost
The room-level localization problem can be 1 1 1 Utilizina inf - b I-lif _ gathered usi h
\ : _ reader 1 reader 2 | reader 3  reader 4 ilizing information about real-life contacts — gathered using the
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5 tracking packages were received by participant a_nd of all _hls recent contacts. Use the
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classification algorithms like k-Nearest RFID tag id signal strength 4 within the last 10 sec.
Neighbors, Random Forest, Naive Bayes Vote Approach: Apply the classification to the characteristic
or Support Vector Machines to predict vector of the target person and to those of all his recent
rooms for participants wearing tags. contacts. Determine the result by casting a majority
vote among the predicted rooms.
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